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Traditional analytics pipeline
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The MAD approach
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MADIib In Action
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MADIib In Action
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MADIib cycle of success
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# SELECT Yy, x[1] AS x1, x[2] AS x2 FROM data !

y | x1 |x2

# SELECT (linregr(y, x)).* FROM data; !
- RECORD 1 J#--------=mmmmmmmmmmmmeee

coef | {1.7307,2.2428} !

r2 | 0.9475 !

std_err ]{0.3258,0.0533} !

t stats |{5.3127,42.0640} !
p_values |{6.7681e-07,4.4409e-16}

condition_no | 169.5093 !
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